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1. Traditional camera are I|m|ted by bandwidth-
latency tradeoffs

2. Event cameras offer microsecond temporal
resolution and provide sparse output

WHY FLASH 1S FAST?
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Sub-millisecond Binary Sparse Lightweight Query: sunset2 | Ref: sunsetl | Window Size: 0.125 ms
Event Slice Representation  Computing Operations

KEY INSIGHT

Brisbane-Event-VPR - 11X better
@ 1ms than SOTA
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P(Correct Match)

1. Place identity is encoded in where event occur
2. Sub-millisecond slices contain rich spatial
information for VPR




