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ﬁ 1 # Install prze
= 2 curl -fsSL https://pixi.sh/install.sh | sh
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" 4 # Clone the Event-LAB repostitory
0 5 git clone https://github.com/EventLAB-Team/Event-LAB && cd Event-LAB
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= 7 # Run the ewvaluation
8 8 pixl run eventlab lens brisbane_event sunset? sunsetl
NON- STANDARDIZED PARAMETERS
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> > " el baseline.config = yarl.safe_losd(rile)
I_ _ll def format_data(self, reference, query): c 0 M M U N ITY D R I v E N
:E: t’) # Dataset formatting for baseline
VPR Methods g = o
LENS Hines et al. 2025 [2] L = O e ebiete o - class EventDataset():
i * | pass def __init__(self, config, dataset_name, sequence_name) :
VPR-evaluation-methods | Berton et al. 2022 [3] o super().__init__O
. . c.: e mrmiEEl ) # General configuration
SpaI'SG—EVGIlt—VPR, FlSCheI‘ & MllfOI‘d 2022 [4] D' # Runs the executable command self.config = config

# Name of the dataset
self.dataset_name = dataset_name

# Name of the sequence
self.sequence_name = sequence_name

pass
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Ensemble-Event-VPR
VPR Datasets
NSAVP
Fast-and-Slow
QCR-Event-VPR
Brisbane-Event-VPR

Lee & Kim 2021 [5]
Fischer & Milford 2020 [6]

def parse_results(self, ground_truth):

# Performs standardized metrics
pass

# Load dataset configuration
with open(f"./datasets/{self.dataset_name}.yaml",
self.data_config = yaml.safe_load(file)

=DGMENTS

def ’r’) as file:

cleanup(self):
# File cleanup

pass
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